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Table 2 Accuracy assessment of classification
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Fig. 4 Flow chart of object identification
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Study on the Rule Set for Land Use Classification Based on QuickBird Image
CAO Yu—tian"* , YAN Dong—mei' ,ZHANG Li',HE Ting’
(1. Key Laboratory of Digital Earth ,Center for Earth Observation and Digital Earth ,Chinese
Academy of Sciences,Beijing 100094 ; 2. Graduate University of Chinese Academy of Sciences,Beijing 100049 ;

3. Key Laboratory of Land Use,Ministry of Land and Resource ,Beijing 100035 ,China)
Abstract; In this paper,the rule set for object-oriented land use classification based on high-resolution QuickBird image in Tian-
jin Binhai New Areas is studied. In view of different features of land use types,including arable land, grassland, water area, con-
struction land, transportation land and idle land, two optimal segmentation levels are pointed out after analyzing features of
multi-scale segmentation and trying on different segmentation scales. The two segmentation layers are large-scale level with seg-
mentation scale of 400 and small-scale level with segmentation scale of 240. The experiment adopted effective feature parame-
ters,including defined feature-enhanced parameters (NDVI and chromaticity amplification function) , Max. diff. , Area, Asymme-
try,and Standard deviation,determined the values of membership functions of different features,and finally established classifi-
cation rule sets. The object-oriented classification was carried out through adopting this classification rule set and using informa-
tion transferring and merging between the two segmentation scale levels. The classification accuracy achieved 86, 98 % , which in-
dicated that the method effectively reduced the" Pepper and Salt Phenomenon' . The experimental results demonstrate that ob-
ject-oriented land use classification can make full use of the information extracted from high resolution images and thus effec-
tively improve the classification accuracy.

Key words: object-oriented;land use classification;rule set; QuickBird

Study on Anomaly Recognition from Geochemical Data Based on Multifractal

Model and Indicator Kriging Method

LI Xiao—hui, YUAN Feng,JIA Cai,ZHANG Ming— ming,ZHOU Tao— fa
(School of Resources and Environmental Engineering , He fei University of Technology ,Hefei 230009 ,China)
Abstract; Indicator Kriging is a nonparametric estimate method which does not rely on the assumption of distribution. It has
strongly robust capability for outliers and skewed distribution,so it can be used for the anomaly recognition of geochemical data
very well. The threshold is the most important parameter of indicator Kriging, which can influence the results heavily. Based on
multifractal theory,this paper calculates the threshold of geochemical data by using the Concentration-Area(C-A) model, and
then uses the threshold for the indicator Kriging interploation method. This paper uses the uniqueness of Voronoi diagram to sl-
ove the uncertainty in calculating the multifractal measure of the C-A model,and gives a case study by using a macrocale Cu con-
centration geochemical data of a copper mine in Anhui Province. The results show that,compared with inverse distance weighted
method and ordinary Kriging method, the highest rank of cumulative probability which obtained by indicator Kriging method can
more effectively highlight the geochemical anomalies which associated with the known mineralization. Furthermore, for the
strongly spatially variable data,indicator Kriging method has more advantages in reconstruction of highly information and main-
taining the robustness of variogram.

Key words: indicator kriging; multifractal; concentration-area model; Voronoi diagram;geochemistry
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Fig. 2 Results of water body extraction before and after Fig. 2 Comparison of road extraction using
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Fig. 5 Classification results
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