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’ Table 1 The correlation coefficients between biomass and
spectral characteristic parameters
EO-1 Hyperion ,
. ™ RVIws, 681 0. 80 -0.13
ASD FieldSpec FR RVIrsis,e60 0. 85 -0.19
s 10 RV’[ 752,640/ 0. 85 -0.17
. NDVI s 681 0.72 - 0.037
14 ) View SpeCPrO NDVI g4 660 0. 74 - 0.059
, NDVI;752 60 0.76 - 0. 057
RD VI s, 681 0. 67 0. 02
RD VI sia, 660 0. 63 0. 04
1. 2 RD VI[752_64()] 0. 45 0.27
D VI 905, 817 0. 49 0.08
(SPAD) D VI s s 0.43 0. 12
(GPS ); DVIps, ey 0. 17 0. 42
T Vo, sy 0. 48 0.11
P T VIsu, 60 0. 47 0.11
T V’[ 752, 640] 0.19 0. 38
R752/R548 0. 88 -0.15
o) R752/R701 0. 84 - 0.15
: 0. 05, 0 01
SPAD 2.1.2 MMt EFRAE A RRAAEN XL
, AT ,
[7] REP,
2.1 (CARI) Dati(1) Datt(2)
211 HAAAEHEE5RRZRALENX 5 H (PSSR)
GPS (PSND) (1DZ_DGVI)
EO-1 Hyperion (2DZ_DGVI)
, 14 : , 17 , MXA3 M 670
, RVI nm 700 nm 740 nm 780 nm, REP
NDVI RDVI 2 s
R750/R550  R700/ R550 714. 9206~ 720. 6486, 5.728
TVI
(0, SPAD ( 3),
SPAD 0. 05 s
, , 0. 433, Datt(1) Datt(2)
R752/R548 , 0. 88; SPAD 0. 05
D V1752, 6401 , ’ 0. 871 0. 868,
0. 42 SPAD
2 REP
Table 2 The REP resdts extracted by linear four point interpolation technique
REP 716.2162  717.764  718.3626  719.2661 720.3306 720. 6486 716. 6667 714.9206 718.4397 715. 567
REP 713.8298  720.00  717.6384 717.8549  719.20  716. 4667 717.3006 719. 1429 718.2653 718. 7755
REP 720.6472  720.3759 717.2062 719.2653 719.1826 720.0491 718.4828 719.8104
3
Table 3 The correlation between vegetation SPAD and spectral characteristics variables
CARI Datt(1) Datt(2) PSSRa PSSRb PSN Da PSNDb 1DZDGVI 2D%ADGVI
0.433 - 0.358  0.871 0. 868 0. 093 0.391 - 0.067 0.384 0. 130 0.269

0..05, 0.01
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Quantitative Estimation of Biophysical and Biochemical Parameters under
Damaged Ecological Environment in Mining Area

LU Xia

( Marine Technology Dep artment, S chool of Geodesy & Geomatics Engineering,
H uaihai Institute of Technology, Lianyungang 222005, China)

Abstract: In order to testify the availability of estimation of bic chemical and bio physical parameters of vegetation by using hy
per speciral remote sensing, biomass and chlorophyll concentration were estimated effectively by using index method, linear re-
gression, and red edge method. Research results showed that there was the highest correlation between vegetation index
R752%/ R548 and pixel spectra extracted from Hyperion data, the R was 0. 88; fresh weight estimation model by cubic function
met hod was established and the precision was very high and the R? could achieve 0. 883. There was the highest correlation be
tw een vegetation index D VI|75 ao and dry weight, coefficient R was 0. 42; dry weight estimation model by linear regression
method was established and the precision was very low and the R? could achieve 0. 177. The correlation between chlorophyll
concentration and red edge position extracted by four point interpolation method was very high and the coefficient R was 0. 433,
while the R between Dati( 1) and Dati(2) and chlorophyll concentration were 0. 871 and 0. 868 respectively. The estimation
models of chlorophyll concent ration based on red edge, Datt(1), and Datt(2) were constructed and the R* were 0.814,0. 805,
and 0. 781. To sum up, it is feasible to quantitatively monitor the grow status by hyperspectral remote sensing and also provides
plants restoration engineer with valuable materials.
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